Estimation Methods
To compute the estimated effects in the paper, we followed the standard approach for calculating estimates with randomization inference. Specifically, we found the value that must be subtracted off the treated units' outcomes such that the two-sided p-value approaches 1.00. The treated units here are the pairs of countries that played at the World Cup. The value that brought the pvalue to approximately 1.00 was 4.3 percentage points. To get the percent change from baseline, we divided this value by the average outcome from the re-randomizations (percent of pairs of countries that experienced a drop in trade). This produced the 12.0% figure from the paper. we used the same procedures to get the estimate for pairs where soccer was the most popular sport for both countries, except using that subsample of the data only.
This approach accounts for the fact that about 5.1% of the countries that were not assigned to play in the group stage of the World Cup met in the knockout stage. This is essentially a oneway non-compliance problem that can be handled by treating group-stage assignment as a very strong instrument for whether countries played at the World Cup. A detailed explanation of how this type of problem is addressed can be found in the 2005 article by Imbens and Rosenbaum on randomization inference in the instrumental variable context (32) . We will summarize the logic behind their procedure as follows. If the World Cup only consisted of a group stage (so no noncompliance), then deriving estimates would only involve finding the value to subtract off the outcomes of the pairs that played each other in the group stage such that the two-sided p-value was approximately 1.00. However, because the knockout stage created a 5.1% non-compliance problem, we must find the value to subtract off the outcomes of the pairs of countries that played in either the group stage or knockout stage that makes the two-sided p-value approximately 1.00. This value is the one reported in the paper-4.3 percentage points (or 12.0% from baseline) or 6.1 percentage points (or 17.1% from baseline) for pairs where soccer is the most popular sport for both countries.
World Cup Groups
The following pages show the World Cup pots and groups. The 1930 The , 1950 The , 2002 The , and 2006 World Cups had slightly more complicated randomization procedures. We took these more complex formats into account when we conducted the 10,000 re-randomizations. Also, the 1934 and 1938 World Cups did not feature a group stage, but the first round of the knockout stage pitted countries against each other that were randomly drawn from two pots. We counted this first knockout stage round as a miniature group stage where each group had two countries. Note: For the first World Cup, Brazil, Argentina, Uruguay, and the United States were put in one pot, and the remaining participants were randomly selected to make groups with these four countries. Note: To ensure that no pot had three European teams, Serbia and Montenegro was put in a special pot and drawn first with one country from Pot 2, one country from Pot 3, and one of the three non-European teams from Pot 1 (Argentina, Brazil, and Mexico). 
Changing Time Frame for Baseline Trade Levels
In the paper, we coded countries as experiencing a drop in trade if their level of trade in the World Cup year was less than their level of trade in the previous year. However, the above graphs show that the results are very robust to using other specifications for baseline trade.
Data Sources
The data for trade was taken from the Trade dataset (v4.0) from the Correlates of War database (19, 20) . It can be downloaded here. The data on iron and steel production, military expenditures, military personnel, total population, and urban population are also available in the Correlates of War database, in the National Material Capabilities dataset (v5.0), available here (33) .
The data on military disputes was taken from the Militarized Interstate Dispute dataset (v4.1), available here (34) .The data on democracy comes from the Polity IV dataset, available here (35) . The data on state independence year was obtained from the State Membership (v2016) dataset in the Correlates of War database, available here (36) . The data on which countries are contiguous is provided in the Correlates of War Direct Contiguity dataset (v3.2), available here (37) . The data on the minimum distance between countries and the distance between capital cities was taken from the Gleditsch and Ward datasets, available here and here (38) .
As a robustness check, we also tested whether the results held for an alternative trade dataset.
The one we found that had the most country-years covered was the CEPII TradeHist dataset (39) . The results held for pairs where soccer was the most popular sport for both countries (n=429, p=0.033), but they were not quite significant for all pairs (n=486, p=0.184)
